INTERNATIONAL GEOSCIENCE & REMOTE
SENSING SYMPOSIUM

brisbane

australia

[C/‘ f\pp

..................................... ®, "
e BRISBANE, AUSTRALIA « 3-8 AUGUST 2025 + 2025.IEEEIGARSS.ORG

ESTIMATION OF SOIL ORGANIC CARBON CONTENT USING GROUND, AIRBORNE, AND SATELLITE HYPER-
SPECTRAL IMAGERY

Manoj Kaushik, Jarmal Singh, Rama Rao Nidamanuri

manojkaushik93@gmail.com, jarmalsandhu@gmail.com, rao@iist.ac.in
Indian Institute of Space Science and Technology, Thiruvananthapuram, Kerala, India

BACKGROUND m Transferability

*Soil Organic Carbon (SOC) is the measurable 2
carbon component of soil organic matter.

*SOC is crucial for fertile soils. It enhances soil
structure, improves water retention and aera-
tion.

*Soils are the largest terrestrial carbon reser- % L
voir on the planet. () ENMAP Airborne Imagery Germany _ (b) AVIRIS NG Airborne Imagry, Indin

* Unsustainable land management, including in-
tensive tillage, deforestation, and overuse of

fertilizers, has led to a significant decline in
global SOC stocks.

Model Transferred Across Space, Time, and Data
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* To create high quality SOC maps using the
hyperspectral data.

*To access the SOC model transferability
from Germany to India.
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SOC Prediction in Airborne & Satellite

v HSI data acquitted at different times& site
SOC Prediction Modelling

SOC Model Development Machine
[.earning Regions
* PLS Regression, RF Regression

* SV Regression, ElasticNet
Regression
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